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Abstract— Public opinions and experience are valuable information in decision making process. Opinions may be
sensitive since they may reflect one’s perspective, understanding, particular feelings, way of life, and desires. Several
websites encourage users to express and exchange their views, suggestions and opinions related to product, services,
polices, etc. With the development of internet, people are more likely to express their views and opinions on eCommerce sites, forums and blogs and are able to interact intensively with the internet. Product reviews composed
collaboratively by many independent internet reviewers can help consumers make purchase decisions and enable
enterprises to improve their business strategies. As the number of reviews is increasing exponentially, opinion mining
and retrieval techniques are needed to identify important reviews and opinions to answer users queries. Most opinion
mining and retrieval approaches try to extract sentimental or bipolar expressions from a large volume of reviews. It is
well-known that many online reviews are not written by genuine users of products, but by spammers who write fake
reviews to promote or demote some target products. Therefore, this paper presents a review of literatures that
discusses about essentials of spam and review spam and brief conceptualization of opinion review mining from data
mining perspective. The study finally discusses the application areas, research challenges and research scope explored
from the open issues in this area.
Keywords— Customer reviews, Opinion mining, Spam, Review spam, Research Challenges.
I. INTRODUCTION
Today e-Commerce popularity has made web an excellent source of gathering customer reviews/opinions about
a product that they have purchased. Thanks to the technological revolution that has accompanied the web 2.0.The web
has dramatically changed the way that people express themselves and interact with others. They can now post reviews of
a product at merchant sites and express their views and interact with others via blogs and forums. Such user-generated
content on the web provides vital information on these products which help potential customers to find opinions of
existing users before deciding to purchase a product [1]. It is now a common practice for e-Commerce web sites to
enable their customers to write reviews of products that they have purchased. The reviews are then used by potential
customers to find opinions of existing users before purchasing the products. They are also used by manufacturers to
detect problems in their products and/or to find competitive intelligent information about their competitor [2][3].The web
contains a wealth of opinions about products, politicians and more, which are expressed in news group posts, review sites
and elsewhere. As a result, the problem of ‗Opinion mining‘ has seen increasing attention from last few years [4]. The
number of customer reviews that a product receives is growing at a very fast rate. An important issue related to the
trustworthiness of online opinions has been neglected most often. There is no reported study on assessing the
trustworthiness of reviews, which is crucial for all opinion based applications, although web spam and email spam have
been investigated extensively. As internet has no quality control, anyone can write anything on the web which results in
many low quality reviews, and worse still review spam which is often biased and may mislead the customer affecting his
buying decisions. Thus, it is very essential to have a mechanism which is capable of assessing the trustworthiness of
reviews for proper decision making or for marketing intelligence. Trusted customer reviews are useful for both potential
buyers and product manufacturers. It is more convenient and less time consuming for buyer to see at a glance feature by
feature comparison of reviews written by most of the customers in taking buying decisions without getting biased and
product manufacturer gets to know strengths and weaknesses of his/her own products and also that of the competitors,
consumer preferences and interests by which profits could be maximized [5]. Thus, it is essential to identity trusted
customer reviews.
1.1 Opinion Mining
Opinion mining is a type of natural language processing for tracking the mood of the public about a particular
product. Opinion mining, which is also called sentiment analysis, includes building a system to collect and categorize
opinions about a product. Automated opinion mining often uses machine learning, a type of artificial intelligence (AI),
to mine text for sentiment. It has attracted a lot of researchers from different areas of research including natural language
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processing, data mining, machine learning, linguistics, and even social science. Opinion mining can be useful in several
ways. It can help marketers evaluate the success of an ad campaign or new product launch. For example, a review on a
website might be broadly positive about a digital camera, but be specifically negative about how heavy it is. Being able
to identify this kind of information in a systematic way gives the vendor a much clearer picture of public opinion than
surveys or focus groups do, because the data is created by the customer [11]. In general, opinions can be expressed on
anything, e.g., a product, a service, a topic, an individual, an organization, or an event. The general term object is used to
denote the entity. An object has a set of components (or parts) and a set of attributes. Each component may also have its
sub-components and its set of attributes, and so on. Thus, the object can be hierarchically decomposed based on the partof relationship. [12]. An opinion has three main components, i.e., the opinion holder or source of the opinion, the object
about which the opinion is expressed and the evaluation, view or appraisal, that is, the opinion. For opinion identification,
all of these components are important.While opinions can be collected from different sources, like individual interactions,
newspapers, television, internet etc. The Internet has become the richest source of opinion collection. Before the world
wide web (www), people collected opinions manually. If an individual was to make a decision, he/she typically asked for
opinions from friends and family members. To acquire public opinion, organizations often conducted surveys through
focused groups. This type of survey, however, was expensive, time consuming and laborious. Now a days, the Internet
provides many information and public opinions related to any product at very little cost.
A review is a sequence of sentence expressing opinions on a particular product. Various websites provides
different formats for writing the reviews. There are three different types of review formats available on the web. Format
1. Pros and Cons: The reviewer is to describe Pros and Cons separately.Cnet.com uses this format..Format 2. Pros, Cons
and detailed review: The reviewer is to describe Pros and Cons separately and write a detailed review. Epinions.com uses
this format. Format 3. free format: The reviewer can write freely, i.e., no separation of Pros and Cons. Amazon.com uses
this format [9].The present paper discusses about the trends of Spam Analysis with respect to online opinion review
mining. Section 2 discusses about the essentials of Spam Analysis and its related work. Section 3 discusses about Prior
studies related to opinion mining and review spam analysis Section 4. discusses about Application areas of Online
opinion mining and spam analysis Section 5. discusses about the Research Challenges in opinion mining.. Section 6
gives the Conclusion and future work.
II. ESSENTIALS OF SPAM ANALYSIS
 Spam
Unsolicited, anonymous, commercial and mass email messages, called spam are viewed as a serious problem for
Internet, content quality and trust [6]. Spam is flooding the Internet with many copies of the same message, in an attempt
to force the message on people who would not otherwise choose to receive it. Most spam is commercial advertising,
often for dubious products, get-rich-quick schemes or quasi-legal services and customer review spam. Spamming is any
deliberate action solely in order to boost a web page‘s position in search engine results, incommensurate with page‘s real
value [7]. The term spamming (also, spam indexing) is used to refer to any deliberate human action that is meant to
trigger an unjustifiably favourable relevance or importance for some web page, considering the page‘s true value. The
adjective ‗spam‘ is used to mark all those web objects (page content items or links) that are the result of some form of
spamming. People who perform spamming are called spammers [ 8 ].
 Email Spam
Email Spam is any email that was not requested by a user but was sent to that user and many others, typically
(but not always) with malicious intent. The source and identity of the sender is anonymous and there is no option to cease
receiving future emails.
 Web Spam
Web Spam is the web pages that are the result of spamming. Web spam is the deliberate manipulation of search
engine indexes. It is one of the search engine optimization methods. Implementing web spam on a search engine reduces
the redundant and non-desirable results [7,8] .
 SMS Spam
SMS spam is any unwanted text message received on a mobile device. Like mail spam, SMS spam can range
from unsolicited advertising to social engineering hoaxes to harmful attempts to steal subscribers personal and financial
details.
 Review Spam
A review spam is considered to be totally unrelated, untrustworthy & untruthful user opinions on products and
services. Such spam reviews are widespread on merchant‘s site and can be very harmful. For e.g a spam review that
praises a product that every reviewer likes (gives a high rating) is not very damaging. However a spammer can carefully
craft a review that criticizes a product that most people like can be very harmful affecting the customers buying decisions.
Detecting untruthful opinion spam by manual reading is very hard, if not impossible, because a spammer can carefully
craft a spam review to promote a target product or to damage the reputation of another product that is just like any other
innocent review. Also the occurrence of the large number of duplicate and near-duplicate reviews written by the same
reviewers on different products or by the different reviewers on the same products or different products are almost
certainly considered as untruthful opinion spam reviews [1] .
 Opinion Spamming
Opinion spamming refers to writing fake reviews that try to deliberately mislead human readers or automated
opinion mining systems by giving undeserving positive opinions or unjust or false negative opinions to promote or
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demote some target products [9]. The opinion information also benefits the business organizations. They can monitor the
consumers expressions, and effectively adjust their production and marketing strategies [10].
III. PRIOR STUDIES
The important part to gather information always seems as what the people think. The growing availability of
opinion rich resources like online review sites and blogs arises as people can easily seek out and understand the opinions
of others. Users express their views and opinions regarding products and services. These opinions are subjective
information which represents user's sentiments, feelings or appraisal related to the same [21] .Web is widely used to
interact with each other and to express different things as posting reviews of product, movies, etc., that means web users
giving their own opinions. These opinions or reviews have importance in both users and vendors application. There is a
need to develop a user application that gives exact result, i.e. opinion about a product. It becomes helpful to the customer
or user to take a decision to buy the product. Furthermore, on vendor side, opinions are important for management of
reputation and brand perception of product. Reputation management means finding out overall view about existing brand.
Brand perception means how brand perceived by the customer. Opinions are beneficial to both user and vendors if the
opinion posted are appropriately without any wrong intention [22].Today, more and more people rely on the wealth of
information available on the World Wide Web, and thus, increased exposure on the web may yield significant financial
gains for organizations. Often, search engines are the entry ways to the web. That is why some people try to mislead
search engines, so that their pages rank high in search results, and thus, capture user attention. Hence, just as with emails,
one can find ways about attempts of spamming the content of the web. The first step for people to express their views
online without any intervention is to find the way of detecting spam through online review. Major issues with ecommerce(online working)include spammers and different types of spam like web spam ,email spam etc. Product
reviews exist in a variety of forms on the web sites dedicated to a specific type of product (such as MP3 player or movie
pages), sites for newspapers and magazines that may feature reviews (like Rolling Stone or Consumer Reports), sites that
couple reviews with commerce (like Amazon), and sites that specialize in collecting professional or user reviews in a
variety of areas (like C_net or ZDnet in electronics, or the more broad epinions.com and Rateitall.com) [23]. The Web
has dramatically changed the way people express themselves and interact with others. They can now post reviews of
products at merchant sites and express their views and interact with others via blogs and forums. Online shoppers use
customer‘s reviews to make informed buying decisions [24]. Consumer actively seeks out and reads customer reviews
prior to making a purchase decision. Those studies are able to identify certain types of spammers, e.g., those who post
many similar reviews about one target entity. However, in reality, there are other kinds of spammers who can manipulate
their behaviors to act just like genuine reviewers, and thus cannot be detected by the available techniques [25]. Spam
became one of the most significant problems for internet communication and users today. Traditional filtering methods
and signature-based spam blocking systems that have come into prominence recently fall short as statistics demonstrate
that spam further mount up day after day [26]. Merchants selling products on the web often ask their customers to review
the products that they have purchased and the associated services. As e-commerce is becoming more and more popular,
the number of customer reviews that a product receives grows rapidly. For a popular product, the number of reviews can
be in hundreds or even thousands. This makes it difficult for a potential customer to read them to make an informed
decision on whether to purchase the product. It also makes it difficult for the manufacturer of the product to keep track
and to manage customer opinions. For the manufacturer, there are additional difficulties because many merchant sites
may sell the same product and the manufacturer normally produces many kinds of products [ 27]. As numerous on-line
product reviews that vary in quality are published every day, much attention is being paid to quality assessment of such
reviews. On-line product reviews have become one of the most powerful guidelines for customer‘s decision making in
the sense that they contain opinions or even emotions about the products directly reflecting the experiences of the old
customers [28]. Product reviews are an increasingly important type of user generated online content since they offer
valuable information that helps product designers better, understand the needs and preferences of consumers, and in the
meantime, influences potential consumers in their purchase decision making [ 29].Starting from 2003–2004, there had
emerged a stream of research efforts on analyzing such online reviewers [30]. It is now known as opinion mining and the
major research focuses are product feature identification and sentiment analysis. These reviews are written entirely based
on the willingness of consumers, from their angle of interests, in their language and without any prescribed questions to
lead them. In the past few years, there has been an obviously rising interest in the topic of automatic parsing and analysis
of online reviews in several major research forums. Hu and Liu proposed a method that uses various word features,
including occurrence frequency, part of-speech tags and synonyms set in WordNet [31]. While they called it a
summarization, their basic idea was to identify a noun word and its nearest opinion word. Ding et al. proposed a holistic
lexicon based approach [32]. They utilized external evidence and linguistic conventions to identify the semantic
orientation of opinions, and later in a further work on product entity discovery and entity assignment. Recently, a
lexicalized hidden Markov model-based learning framework [33] has also been reported. Other related studies include
sentiment analysis and subjective classification, for example, using a word sentiment classification approach [34], a
latent semantic analysis-based approach where the cosine distance is introduced and some syntactic information in the
feature sets of a support vector machine [35]. Online store reviews are an important resource to help people make wise
choices for their purchases. Due to this reason, the review system has become a target of spammers who are usually hired
or enticed by companies to write fake reviews to promote their products and services, and/or to distract customers from
their competitors [36]. Driven by profits, there are more and more spam reviews in major review websites, such as
PriceGrabber.com, Shopzilla.com, or Resellerratings.com. Spammers are starting to corrupt the online review system and
confuse the consumers [37]. A thorough study of supervised learning approaches for deceptive review detection was
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conducted in [38]. They studied how well existing research methods work for detecting real-world fake reviews on a
commercial website. The authors tested their models using the Amazon Mechanical Turk (AMT) synthetic fake reviews
dataset on a real-world fake reviews dataset procured from Yelp. In this study, they found similar results to previous
studies, confirming that using n-gram features performs well on the AMT dataset, however, when used with the real
world Yelp dataset it performed significantly worse. They observed that using behavioral features yields higher
performance than linguistic features alone on the real world Yelp dataset. Three different features sets were used in the
experiment: LIWC, POS and bigrams. In addition, feature selection using Information Gain (IG) was applied to select the
top 1 and 2 % features. One of the main conclusions of the study was that the synthetic reviews are not necessarily
representative of what is found in real world review spam. All of these contributions investigate ways to classify a review
as positive, negative, or neutral at different levels or from particular perspectives, namely, the word level, the sentence
level, the document level and the feature level. A novel technique for detecting review spammers was proposed where
they exploit the ―bursty‖ nature of reviews generated by spammers to identify review spam [39]. Bursty reviews are
reviews that suddenly become popular and receive great attention from reviewers within a certain time period or certain
area. The reviews and reviewers in those situations become suspicious as review spam and review spammer respectively.
For burst detection, the authors used Kernel Density Estimation (KDE) techniques to detect review bursts. KDE is a
technique closely related to histograms, which has attributes that allow it to asymptotically converge to any density
function. Behavioral features for spammers were created that combined the spammers‘ behaviors with the features of
review bursts. In addition, these features can be used in conjunction with review spam features in a hybrid approach to
improve the classification results. The experiment conducted in [40] is a notable exception, as they used Information
Gain (IG) to perform feature selection of top 1 and 2 % of features. Though they found this had no impact on classifier
performance, one believed that using feature selection techniques one can potentially improve performance based on
results from other domains. Feature selection also has the benefit of reducing the computational costs associated with
training a classifier. This is highly desirable as review spam detection is a big data domain and datasets may have a very
large number of instances and features. Finally, there are a massive number of online reviews, and fake reviews are
usually less frequent than truthful ones, resulting in highly imbalanced datasets .Class imbalance can adversely affect
classifier performance as the majority class may be favoured, and must be taken into consideration when training a model.
Two works have considered the class imbalance problem in this domain, [41] and [42]. Both used random under
sampling and random oversampling to overcome imbalanced distributions and have promising but inconclusive results.
Ensemble techniques can be used alongside, or in place of, data sampling as they have been shown to be more robust to
the effects of class imbalance than single classifiers. The experiments conducted in [49] used frequent item set mining
method in spam detection in the collaborative setting to discover fake reviewer groups. It was first method to use a
frequent item set mining method to find a set of candidate groups and then used several behavioral models derived from
the collusion phenomenon among fake reviewers and relation models based on the relationships among groups,
individual reviewers, and products they reviewed to detect fake reviewer groups. To assess purposed method, authors
built a labeled dataset using expert human judges which is taken from Amazon dataset and built a labeled dataset of fake
reviewer groups. In [50], a novel review spam detection method was used, which is underpinned by an unsupervised
inferential language modeling framework. In this work, each review is represented by a TFIDF vector, and then every
pair of reviews of a product category was based on the cosine similarity measure. A support vector machine was also
applied to classify untruthful review and all default parameters of the SVM light package were used.
IV. APPLICATION AREAS OF OPINION MINING AND REVIEW SPAM DETECTION
Since the opinion based or feedback based applications are more fashionable, now a days, the natural language
processing community shows much interest in Spam Analysis and Opinion Mining system. The explosion of internet has
changed the people‘s life style, now they are more expressive on their views and opinions [13] [14], and this tendency
helped the researchers in getting user-generated content easily. The major applications of online opinion review mining
and spam analysis are the following:
1) Purchasing Product or Service : While purchasing a product or service, taking right decision is no longer a
difficult task. By online reviews, people can easily evaluate other‘s opinion and experience about any product or service
and also he can easily compare the competing brands. Now people don‘t want to rely on external consultant. The opinion
mining analysis extracts people‘s opinion from the huge collection of unstructured content, the internet, and analyzes it
and then present to them in highly structured and understandable manner.
2) Opinion spam detection : Since internet is available to all, anyone can put anything on internet, which
increases the possibility of spam content on the web. People may write spam content to mislead the consumer. Opinion
mining and sentiment analysis can classify the internet content into‘ spam‘ content and ‗not spam‘ content [14].
3) Quality Improvement in product or services : By Opinion mining and sentiment analysis the manufactures
can collect the critic‘s opinion as well as the favorable opinion about their product or service and thereby they can
improve the quality of their product or service. They can make use of online product reviews from websites such as
Amazon and C|Net [15,16], RottenTomatoes.com [17] and IMDb [18].
4) Marketing research : The on-line word-of-mouth behavior represents new and valuable sources of
applications useful in companies, organizations and individuals to gain more information effectively and easily.
5) Detection of flame : The monitoring of newsgroup and forums, blogs and social media is easily possible by
sentiment analysis. Online opinion review mining can automatically detect arrogant words [19], over heated words or
hatred language used in emails or forum entries or tweets on various internet sources.
© 2017, IJARCSSE All Rights Reserved

Page | 246

Algur et al., International Journal of Advanced Research in Computer Science and Software Engineering 7(1),
January- 2017, pp. 243-250
6) Recommendation Systems: By classifying the people‘s opinion into positive and negative, the system can say
which one should get recommended and which one should not get recommended [20].
7) Policy Making: Through Spam analysis, policy makers can take citizen‘s point of view towards some policy
and they can utilize this information in creating new citizen friendly policy.
8) Decision Making: People‘s opinion and experience are very useful element in decision making process.
Online opinion review mining gives analyzed people‘s opinion that can be effectively used for decision making.
V. RESEARCH CHALLENGES OF OPINION MINING AND REVIEW SPAM DETECTION
Large amounts of online reviews, the valuable voice of the customer, benefit consumers and product designers.
Identifying and analyzing helpful reviews efficiently and accurately to satisfy both current and potential customers needs
have become a critical challenge for market-driven product design. Few research challenges of opinion review mining
and spam analysis are :
1) Detection of spam and fake reviews: The web contains both authentic and spam contents. For effective
sentiment classification, this spam content should be eliminated before processing. This can be done by identifying
duplicates by detecting outliers and by considering reputation of reviewer, but it is time consuming. Hence, new machine
learning tools and algorithms have to be incorporated to detect review spam [1].
2) Limitation of classification filtering: There is a limitation in classification filtering while determining most
popular thought or concept. For better sentiment classification result, this limitation should be condensed by using few
collaborative filtering technique.
3) Asymmetry in availability of opinion mining software: The opinion mining software is very expensive and
currently affordable only to big organizations and government. It is beyond the common citizen‘s expectation. This
should be available to all people, so that everyone gets benefit from it.
4) Incorporation of opinion with implicit and behavior data: For successful analysis of sentiment and spam, the
opinion words should integrate with implicit data. The implicit data determine the actual behavior of sentiment words.
Few examples of opinion with implicit and behavior data.
 The word that is considered to be positive in one situation may be considered negative in another situation.
Example the word "long" for instance. If a customer said a laptop's battery life was long, that would be a
positive opinion. If the customer said that the laptop's start-up time was long, however, that would be is a
negative opinion. These differences mean that an opinion system trained to gather opinions on one type of
product or product feature may not perform very well on another.

People don't always express opinions the same way. Most traditional text processing relies on the fact that small
differences between two pieces of text don't change the meaning very much. In opinion mining, however, "the
movie was great" is very different from "the movie was not great".
 People can be contradictory in their statements. Most reviews will have both positive and negative comments,
which is somewhat manageable by analyzing sentences one at a time. However, the more informal the medium
(twitter tweets or blog posts for example), the more likely people are to combine different opinions in the same
sentence. For example: "the movie bombed even though the lead actor rocked it" is easy for a human to
understand, but more difficult for a computer to parse. Sometimes even other people have difficulty
understanding what someone thought based on a short piece of text because it lacks context. For example, "That
movie was as good as his last one" is entirely dependent on what the person expressing the opinion thought of
the previous film.
5) Domain-independence: The biggest challenge faced by opinion mining and sentiment analysis is the domain
dependent nature of sentiment words. One features set may give very good performance in one domain, at the same time
it perform very poor in some other domain.
6) Natural language processing overheads: The natural language overhead like ambiguity, co-reference,
Implicitness, inference etc. creates hindrance in spam analysis.
7) Aspect based opinion mining : There are various challenges that makes the problem of opinion mining hard.
A few of them is mentioned below:
 Identifying aspects : The first challenge in identifying aspects is that different reviewers may use different
words or phrases to express the same aspect.
 Noisy information: Full text reviews normally include a large amount of irrelevant information, e.g., opinion
about the manufacturer of the product and information about the reviewer.
 Identifying opinions in comparative sentences : A comparative opinion expresses a relation between two or
more items and/or a preference of the reviewer based on some shared aspects of the item.
 Co-reference resolution : The Co-reference occurs when multiple expressions in a sentence or document refer
to the same thing.
8) Opinions Change with Time : Another challenge lies in the issue of being able to monitor opinions changing
with the passage of time. This helps us to observe if a certain product gets improved with time, or people change their
opinion about a product and get convinced for it with time. To identify how the people‘s mood changes over time in
described in the work [43].The work done observes blogs where the mood is explicitly specified either by selecting from
a predefined list of moods or by entering it as free text.
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9) Strength of Opinions : Identification of the strength of an opinion is another challenge faced in opinion
mining. The strength of an opinion can change as the discussion continues in a forum i.e. arguments used during
discussion are strong enough to change the strength. SentiWordNet application has been used to identify strength of
opinions [44].
10) Sentences with Mixed Views: A bigger challenge for opinion mining comes when people express positive
and negative review in the same sentence. This is mostly the issue when people are communicating through informal
mediums like blogs and forums. People are more likely to combine different opinions in the same sentences. Such
sentences can be difficult to parse for opinion mining. Sentiment mining or opinion mining is contrasted generally with
the traditional fact-based text mining. Text mining seeks to classify documents by topics while opinion mining
generalizes text across many domains and users. Strength of a feeling, degree of positivity and similar factors can be of
potential importance in opinion mining [46].
11) Different People Different Writing Style: The fact that comments or views entered by people who are
different from each other in the way they write, their use of language, abbreviations and their knowledge is a challenge
on its own. People also do not express opinion in the same way. One might use certain negative terms in a sentence Text
that appears in an online newspaper and that which appears in an online forum is widely different. The mining of online
forums and discussions is a challenge on its own. Some possible reasons include the use of abbreviations, the entry of
comments by different people, who differ in the way they write or in the knowledge of the language they use [15]
Reference [25] addresses this problem. In this reference some recent works have started to classify product features but
they heavily rely on linguistic and natural language processing techniques. However, writing in consumer reviews is
usually not formal and does not follow grammatical rules which make language processing approach inappropriate to
use. Therefore, the linguistic and language processing approach is not satisfactory. So, a sentiment analysis system is
suggested for classifying products features in consumer reviews by means of mining class association rules.
12) Misleading Opinions due to sarcastic and ironic statements ; Sarcastic and ironic sentences exist in text. In
such a scenario, positive words can have negative sense of usage in a metaphorical manner. Text in a statement can be
hard to identify as sarcastic or ironic which can lead to erroneous orientation and misleading opinion mining [47].
13) Misleading Opinions due to spam opinion: Dishonest opinions or reviews intend to affect opinion mining
about a product or service. Detecting such opinions is important for practical utilization of opinion mining. Semantic
coverage may be useful feature for detecting spam. Review spam exists due to repeating of important terms and dumping
of many unrelated terms [48].
VI. CONCLUSION & FUTURE WORK
Opinions are very important for anyone who is going to make a decision. Web mining has emerged in recent
years as an attractive technology to individuals and corporations to know others opinions. Opinion mining is helpful for
individuals when they want to buy a product and they can decide which product to buy, by studying the summarized
opinions instead of studying long reviews and making summary themselves. Review text is an important source of
information for the consumers before purchasing any product from e-Commerce websites. In recent years, review spam
has received significant attention in both business and academia. This survey covers prior studies, application areas,
research challenges and research scope in opinion mining and review spam analysis. Although various methods have
been proposed to detect review spam, still there is scope to improve & develop sentiment word identification, to apply
sentiment analysis on short sentence like abbreviations, to develop fully automatic analyzing tool, to successfully handle
bi polar sentiments, effective analysis of policy / procedure opinionated content. To implement Big data and possible
formulation of new knowledge discovery process and tools for analyzing and detecting review spam gives scope for
future work.
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